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COMPUTER IMAGE ANALYSIS BASED QUANTIFICATION OF COMPARATIVE IHC LEVELS OF
P53 AND SIGNALING ASSOCIATED WITH THE DNA DAMAGE REPAIR PATHWAY
DISCRIMINATES BETWEEN INFLAMMATORY AND DYSPLASTIC CELLULAR ATYPIA

MARK RICHARD RUTENBERG

ABSTRACT

Epithelial oncogenesis is believed to be generally associated with the accumulation over
time of an increasing number of mitotic errors until a threshold number of mutations
required for the initiation of cancer is achieved. Preemption of cancer through the
morphologic detection of dysplastic cells, i.e. cells with a number of mitotic errors that
are still below the threshold for cancer, followed by their surgical removal or eradication,
has had an enormous impact on reducing the incidence of cancer of the uterine cervix,
skin and colon worldwide, but this strategy has been much less successful with cancers in
most other body sites. Inflammation is a relatively common occurrence in the epithelium
and is far more common than cancer. A major current obstacle to the preemption of
carcinoma is distinguishing morphologically atypical epithelial cells in the presence of
inflammation (inflammatory atypia) that mimic dysplasia from morphologically atypical
epithelial cells that are truly dysplastic. Formation of double stranded breaks in DNA
(DSBs) is an accepted etiology for carcinoma and is, therefore, expected to be associated
with dysplasia. Utilizing both algorithmic and artificial intelligence-based computer image
analysis of IHC levels, we document the unexpected finding that phosphorylation of

molecular markers associated with DSBs is consistently correlated with non-dysplastic



inflammatory atypia in both squamous {(oral cavity) and glandular (Barrett’s metaplasia)
epithelia. Using these same image analysis methods, we further show that quantitative
immunohistochemistry of the ratio of p-Chk2, a marker of DSB’s, and for mutational
failure of the DNA damage repair pathway (p53) required for the proper response to DSBs
can distinguish between inflammatory and dysplastic cellular atypia. The ability to use
guantitative means to reliably distinguish between inflammatory and dysplastic atypia
may facilitate the use of cytological screening for dysplasia to prevent cancer in numerous

body sites.
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CHAPTER |

INTRODUCTION

1.1 The vast majority of cancers in adult humans are carcinomas. The presumed
causality and epidemiology of carcinoma provides important evidence for the
multi-hit theory of carcinogenesis.

Over 97% of adult human cancers, including cancers of the breast, cervix, uterus,
bladder, prostate, lung, mouth, throat, nasopharynx, esophagus, stomach, pancreas, and
colon are carcinomas (Siegel et al. 2019). As such, these cancers all originate in the

approximately 500-micron thick epithelial tissue layer that lines each of these organs.

The presumed causality of this concentration of cancer in the epithelium provides strong
indirect evidence for the multi-hit theory of carcinogenesis. Oncogenesis, in general, and
carcinogenesis, in particular, are believed to be the result of the accumulation over time
of approximately 6-8 individual DNA replication errors that randomly occur during
individual mitosis. (Martincorena et al. 2017; Vogelstein and Kinzler 1993). Recent
evidence suggests that the majority of these DNA replication errors are purely stochastic

in nature and not related to the presence of any environmental carcinogens or inherited
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mutations (Tomasetti et al. 2017). That is, most cancers are not related to lifestyle and
environmental exposure, and only a small number are primarily due to genetic factors.
The role of environmental carcinogens though, is thought to be limited to increasing the
probability of a DNA replication error occurring during a mitosis that is concurrent with

or subsequent to the carcinogenetic exposure.

The likelihood that the threshold minimum number of mitotic errors required for
cancer will accumulate in one of the cells in a particular tissue over a specific time frame
(i.e. the individual’s life span) is, of course, dependent on the prevalence of mitosis in that
specific tissue. The epithelium, due to its physiological role and anatomic structure, is a

locus of mitosis and as a result, is a predominant locus of cancer.

Due to their role as an interface between the surface of a particular organ and its
internal or external environment, epithelial tissues are nearly completely avascular. To
protect the epithelium from routine mechanical abrasion, (i.e. shaking hands or eating a
carrot), the metabolic requirements of epithelial cells are primarily satisfied through
diffusion or transport of molecules across the basement membrane or lamina propria
from the relatively perfuse blood and lymphatic circulation found in the underlying

connective tissue (Gibbins 1972).

For this reason, epithelia have no more than an average thickness of 500 microns,
as cells further removed from the submucosa would not be able to meet their metabolic
requirements. To compensate for both their required thinness and continual exposure to

mechanical and chemical insult from the immediate environment, epithelia are rapidly

13



and continually regenerated, with turnover of the entire 500 epithelial layer occurring
in as little as three days in some areas of the small intestine, to one week in the oral cavity,
to three weeks in the esophagus, and a maximum of six weeks in the uterine cervix

(Creamer et al 1961).

This large amount of epithelial turnover requires continual mitosis to replace
exfoliated cells at the end of their short lifetime in the tissue. Stochastically, some of
these numerous mitoses will entail a DNA replication error. If this replication error
escapes the DNA error detection and repair mechanisms, then daughter cells will inherit
the error and pass it along to their descendants establishing a clone of epithelial cells with

one genetic error.

If, at a further point in time in the lifespan of the organism, one of the cells in this
clone with one genetic error stochastically creates another replication error during a
subsequent mitosis, which could occur months or years after the first error was created,
a smaller clone of cells with two genetic errors will now be established within the larger

clone of cells with one error from which it arose.

Given a high rate of mitosis in a tissue and sufficient time to accumulate genetic
mutations resulting from those mitoses, the likelihood that a cell will ultimately
accumulate the threshold minimum number of mutations required for cancer
(approximately eight for most epithelia), increases. It is precisely these two factors that
make the adult epithelium so susceptible to the development of cancer. In summary, the

high rate of mitosis necessarily required for continual regeneration of epithelia combined

14



with the increasingly long human lifespan, together results in carcinomas, i.e. cancers

arising from the epithelium, accounting for over 95% of all adult human cancers.

1.2 The discovery and clinical utility of morphologically defined dysplasia in

cytological screening

1.2.1 Cytology of the uterine cervix

Until the 1960s, cervical cancer was the single largest cause of female cancer deaths
in the US, all of North and South America, all of Europe, and all of Asia. By 1975, it had
dropped to the 14th cause of female cancer deaths in the US with similar decreases

worldwide (National Institute of Health 2010).

This remarkable achievement against a major cancer resulted from a discovery
made by George Papanicolaou in the 1930s. Papanicolaou discovered that years before
women presented with the typical initial symptoms of invasive cervical cancer, i.e. heavy
inter-period bleeding and pain, they exfoliated from the surface of the squamous
epithelium of their cervix a cell, which when fixed in alcohol and stained properly (with
what later came to be known as the modified Papanicolaou stain), appeared in several
characteristic ways to have an abnormal shape (morphology) under the light microscope.
The nuclear to cytoplasmic ratio of these cells was higher than normal, and their nuclei
were considerably darker. In addition, while normal squamous nuclei are round, the

nuclei of these cells were more irregularly shaped, and while the appearance of chromatin

15



in normal nuclei is generally uniform, the chromatin in these cells appeared much more

granular (Koss 1961).

Taken together, these characteristic morphologic features were named by
Papanicolaou as “dysplasia” or “bad form”. In general, Papanicolaou found that while the
vast majority of cells exfoliated from the cervix and captured on “Pap smears” obtained
from all women were normal, those few women who later developed cervical cancer had
evidence of these “dysplastic” cells, (the ratio being about 50 abnormal to every 100,000
normal cells) while women whom he followed for years and did not have “dysplastic”
cells, did not develop cervical cancer. The cervix is a relatively small organ, and therefore
simple surgical techniques to destroy (ablate) the involved epithelium in women with
“dysplastic” Pap smears, while maintaining their reproductive capacity, were readily
developed in the 1960s. No other intervention to prevent, or better, to "preempt” any
cancer has been as successful as screening for dysplastic cells and ablation of the cervical
epithelium in women who displayed them. As precancerous lesions found by Pap smears
can be treated and cured before they develop into cancer, the incidence and death rates

for this disease are now remarkably low.

1.2.2 Oral cytology

By the mid-1970s, it was clear from the cervical cancer experience that cytological
screening could have a major impact on preventing cancer in other organ systems, and it
was therefore tried on several other easily accessible body sites including the oral cavity.

16



Oral cancer kills about as many Americans as melanoma, and while historically a
disease of older male tobacco users, the incidence of oral cancer in women, young people,
and non-smokers has been increasing rather dramatically in both the US and Europe over

the last 30 years. (Paderno et al. 2018; lype et al. 2001) .

In the 1960s and 1970s, several large studies of exfoliative oral cytology were
conducted with disappointing results (Folsom et al. 1972; Sandler 1962). Unlike the
uterine cervix, areas of dysplasia in the oral cavity are typically covered with a keratinized
epithelium which prevents exfoliation of dysplastic cells to the surface, dramatically
limiting the sensitivity of cytological screening. Furthermore, the rate of epithelial
turnover in the oral cavity is significantly greater than the cervix, which results in greater
exfoliation of normal cells, further diluting the number of abnormal cells on the cytology

smear. (Hayes et al 1969).

Advances in the 1990s allowed computer-based image processing to detect rare
abnormal cells scattered among a large nhumber of normal cells (Mango and Radensky
1998). When this technology was combined with a transepithelial brush sampling
technique in 2000, which allowed collection of cells below the keratin layer, the sensitivity
of oral cytology was greatly improved. A study conducted at 35 academic centers utilizing
computer-assisted analysis of a transepithelial oral cytology sample demonstrated a
sensitivity of nearly 100% when compared to histologically confirmed oral dysplasia and

cancer (Sciubba et al. 1991). Specificity of this technique however, was limited to 90%
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resulting in a positive predictive value in this study and in subsequent studies of less than

40% for low grade dysplasia (Svirsky et al. 2002).

The specificity of oral cytology, particularly in the diagnosis of mild or low grade
dysplasia, is limited by the fact that inflammation, which is quite common in the oral
cavity, often causes morphologic changes to the cell {i.e. large nuclear to cytoplasmic
ratio, hyperchromicity, lack of nuclear roundness, and chromatin granularity) that can

appear identical to the morphologic changes associated with precancerous dysplasia.

The difficulty in making a morphologically based diagnhosis of Inflammation vs

dysplasia in oral cytology is illustrated in Figure 1.

A molecular method to help distinguish true “dysplastic atypia” from similarly
appearing “inflammatory atypia” would be of significant benefit in enhancing the clinical

utility of transepithelial oral cytology to help prevent this typically fatal cancer.
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1.2.3 Esophageal cytology

Esophageal adenocarcinoma, thought to be the result of chronic reflux of excess
stomach acid into the esophagus, is the most rapidly growing cancer in the U.S. and

Europe, and one of the most fatal (Rustgi and El-Serag 2014).

In an effort to identify esophageal dysplasia before it can progress into cancer,
gastroenterologists obtain random tissue samples of the esophagus during upper
endoscopies from patients with gastroesophageal reflux disease (GERD) and Barrett’s

esophagus (BE), a metaplastic precancerous change induced by GERD.

Esophageal dysplasia is usually invisible to the naked eye endoscopically and
furthermore, dysplasia is typically highly focal, occurring in only microscopic portions of
mucosa within a large area of BE (Sharma 2004). Consequently, current guidelines from
the American College of Gastroenterology (ACG), American Gastroenterological
Association (AGA) and American Society for Gastrointestinal Endoscopy (ASGE)
recommend that gastroenterologists employ an aggressive biopsy protocol by obtaining
random 4-quadrant forceps biopsies from every 1 — 2 centimeters of BE combined with
targeting suspicious areas that are visible to the naked eye at endoscopy (the “Seattle
protocol”). Unfortunately, even with the use of this sampling protocol, up to 96% of the
endoscopically suspect area of BE remains completely unsampled in most patients (Smith
2016). Since dysplasia is usually focal in its location, and inconspicuous and
macroscopically indistinguishable from the surrounding tissue, random 4-quadrant

forceps biopsies often fail to sample the precise area of disease that is being investigated
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and thus, often misses abnormalities that are located between sampled areas (Spechler
2002; Visrodia et al. 2016). This results in significant sampling error and false negative

results (Sharma 2004).

To overcome sampling error, and in light of the success of uterine cytology (the
Pap smear), superficial exfoliative cytology of the esophagus was attempted and
eventually adopted by approximately 17% of gastroenterologists by 2000 (Falk 2003).
However, like cytology of the oral cavity, esophageal cytology suffers from low sensitivity
(Kumaravel et al. 2010). This is primarily due to the fact that metaplastic glandular
epithelium associated with Barrett’'s esophagus does not exfoliate dysplastic cells to the

glandular surface, unlike the readily exfoliating squamous epithelium of the cervix.

This poor sensitivity of esophageal cytology was overcome in 2011 with the
introduction of an abrasive brush, which obtains a wide area transepithelial cytological
specimen that reaches the submucosa, combined with computer-assisted analysis of that
sample to detect rare dysplastic cells found in the thick transepithelial cytological sample.

(Johanson et al. 2011; Anandasabapathy et al. 2011).

While high grade dysplasia and early cancer are readily identified cytologically
(Kumaravel et al. 2010), as in the oral cavity, the specificity of transepithelial esophageal
cytology is limited by the fact that inflammatory cellular atypia can be morphologically
indistinguishable from atypia associated with low grade dysplasia (Figure 2). This is

especially problematic for esophageal patients with GERD symptoms being evaluated for
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dysplasia, as inflammation caused by their acid and bile reflux is frequently identified

during endoscopy.

As a result, most pathology laboratories will commonly report cases that exhibit
inflammation as “indefinite for dysplasia" even though the very same case displays
pronounced morphologic cellular atypia. Molecular differentiation of these
morphologically similar entities would thus enhance the utility of wide area
transepithelial cytological testing of patients with known or suspected Barrett’s

esophagus.
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identified and removed during colonoscopy from a screening population will upon
pathological examination represent the entire morphologic spectrum of oncogenesis
from non-dysplastic adenoma, low grade dysplasia, high grade dysplasia, carcinoma in
situ, and cancer. Once dysplasia is diagnosed, progression towards malighancy is

dramatically increased and therefore, careful surveillance is warranted (Wani et al. 2011).

A thorough understanding of the molecular basis of the origin and progression of
morphologically described dysplasia to cancer was first ascertained through molecular

analysis of polyps removed during routine screening colonoscopy.

The landmark study by Vogelstein and Kinzler on polyps removed during
colonoscopy demonstrated that dysplasia was characterized on the molecular level by an
accumulation over time of genetic abnormalities responsible for controlling cell division
and/or differentiation. Further studies have confirmed that what was morphologically
described as low-grade dysplasia was associated with 2-3 such genetic mutations, while
high grade dysplasia was associated with 3-7 mutations, and cancer was typically

associated with 8 or more mutations.

A similar correlation between the number of deleterious genetic mutations in a
cell and the degree of morphologically described dysplasia has been corroborated in
every carcinoma in which it has been studied (Contino et al. 2017; Vogelstein and Kinzler

1993; Weinberg et al. 2018).
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1.4 Inflammation predisposing to oncogenesis as a “two-hit” causality phenomenon

The clinical correlation between chronic inflammation and increased susceptibility
to carcinoma has been well demonstrated in several body sites, most notably in the lung
and in the colon of patients with inflammatory bowel disease (Gomes et al. 2014; Gupta

et al. 2007).

Since inflammation is very common and carcinoma is relatively rare, this clinical
correlation may represent a special case of the “multi-hit” theory of carcinogenesis first
proposed by geneticist Alfred Knudson in 1971, and is usually associated with the
accumulation of genetic mutations over time as discussed above. Today, this hypothesis
serves as the basis for understanding how mutations in tumor suppressor genes
contribute to the development of cancer. Thus, chronic inflammation may predispose a

cell to oncogenesis that requires a second stochastic event.

1.4.1 Overview of inflammatory mechanisms potentially related to carcinogenesis
There is strong evidence supported by cumulative clinical and epidemiological

studies that inflammation increases the risk of human cancers in almost all epithelia.

A chronically-inflamed environment is characterized by the presence of
heterogeneous inflammatory cellular components, which produce growth stimulating
mediators (inflammatory cytokines and growth factors), chemotactic factors

(chemokines) and genotoxic substances (reactive oxygen species and nitrogen oxide) and
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induce DNA damage and methylation (Kanda et al. 2017). This is especially evident in

patients with low-grade chronic inflammation (Murata et al. 2012).

Inflammation-related carcinogenesis is most commonly associated with infectious
agents induced by certain viruses, bacteria, or parasites. In fact, it has been estimated
that 20% of all cases of cancer worldwide are caused by infections including human
papillomavirus associated with cervical and anal cancer, Helicobacter pylori infection
associated with stomach cancer, Schistosoma haematobium infection associated with
bladder cancer, and chronic hepatitis B and C viruses and fluke infections with liver
cancers (Ohnishi et al. 2013). A wide array of chronic inflammatory conditions that are
noninfectious in etiology predispose susceptible cells to neoplastic transformation and
account for approximately 25% of all human cancers (Hussain and Harris 2007). For
example, autoimmune diseases such as inflammatory bowel disease is strongly associated
with development of colorectal cancer, Barrett's esophagus has been demonstrated to
be the only established precursor to esophageal adenocarcinoma, and foreign bodies
which cause inflammation, such as cigarette smoke, and asbestos or other fine particulate
matter in the air, are associated with lung cancer and malignant pleural mesotheliomas

respectively (Kanda et al. 2017).

Inflammatory cells secrete a large number of cytokines (tumor necrosis factor
(TNF), interleukins) and chemokines (CCL2 and CXCL8) that promote the outgrowth of
neoplastic cells, in addition to the growth factor production by the tumor cells themselves

(Dinarello 2007). Under the stimulus of pro-inflammatory cytokines in phagocytic and
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non-phagocytic cells, reactive oxygen species (ROS) and reactive nitrogen species (RNS)
are generated and are capable of causing damage to various cellular constituents
including nucleic acids, proteins, and lipids (Ohnishi et al. 2013). The DNA damage caused
by ROS and RNS results in mutations, the accumulation of genetic alterations in tissues,
and increased cell proliferation which have been implicated in the initiation and/or
promotion of inflammation-mediated carcinogenesis (Kawanishi et al.) Stem cells
damaged by ROS/RNS from inflammation can generate cancer stem cells and ultimately,

cancers with aggressive clinical features (Thanan et al. 2013).

Recently, inflammation-driven carcinogenesis has been shown to be mediated
through STING (Stimulator of Interferon (IFN) Genes) a cellular sensor that has been
shown to trigger the expression of select cytokines that in turn bind receptors signaling
for the production of pro-inflammatory cytokines (Ahn et al. 2014). Controlling STING-
dependent cytokine production may provide a basis for therapeutic strategies to help

prevent malignhant disease.

The association of inflammation and cancer has been most carefully studied in
the colon. As with other inflammatory conditions, chronic inflammation of the colon can
contribute to carcinogenesis by increasing oxidative stress and DNA methylation, which
results in inhibition of oncosuppressor genes, mutation of p53, aneuploidy, and
microsatellite instability (Scarpa et al. 2014). It is now well established that the molecular
alterations responsible for sporadic colorectal cancer also play a role in colitis-associated

colon carcinogenesis (Gupta et al. 2007). The strong link between colon inflammation and
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cancer is further supported by the fact that colorectal cancer risk increases with a longer
duration of colitis, a greater extent of colitis, a concomitant presence of other
inflammatory manifestations such as primary sclerosing cholangitis, and also the fact that
drugs used to treat inflammation may prevent the development of colon cancer

(Triantafillidis et al. 2007).

1.4.2 Inflammation induced DSBs

Double-strand breaks in DNA (DSBs), in which both strands in the double helix are
severed, are particularly hazardous to the cell because they can result in genomic
rearrangements. Inaccurate DNA repair can lead to mutations and/or chromosomal
aberrations that can result in the development of cancers (Bartkova et al. 2005). In
response to sensing DSBs, cells initiate a DNA damage response (DDR) that activates DNA
repair pathways, which include the activation of different transcription programs, cell
cycle checkpoints to induce transient or permanent cell cycle arrest (senescence),
activation of specific repair pathways and apoptosis if repair fails (Jeggo and Lobrich
2007). Prolonged inflammation by infection or autoimmune diseases results in reduced
repair capacity, launching more reactive oxygen species (ROS) and subsequent oxidative
DNA damage, which in turn induces further inflammation in intact distant cells as stress

sighals as well as exacerbation of DNA damage, which lead to carcinogenesis (Mittal et al.

2014).
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Barash et al. {2010) and others (Kiraly et al. 2015) noted the association of chronic
inflammation-induced double-strand DNA breaks with accelerated carcinogenesis
following liver regeneration. In their study using a mouse model, they demonstrated that
the regenerative proliferative stress induced by liver resection resulted in genomically
unstable hepatocytes which were generated during chronic inflammation escaping

senescence or apoptosis and reentering the cell cycle, triggering enhanced tumorigenesis.

The discovery of Helicobacter pylori as the causative agent of peptic ulcer disease
has led to an increased understanding of the connection between chronic infection,
inflammation, and cancer. H. pyloriinfection induces the formation of DSBs directly
through host—pathogen contact or indirectly due to the accompanying chronic
inflammation, eventually triggering the DDR pathway as assessed by the phosphorylation
of H2AX (Toller et al. 2011). The integrity of DDR is compromised by various proteins of
the DDR pathway which lead to a vicious cycle of DNA damage and persistent
inflammation. Despite the fact that DSBs due to H. pylori are continuously being repaired,
persistent infection and recurrent inflammation increases the likelihood that if p53 is
mutated in the same cell that a DNA DSB will result in genetic instability and

tumorigenesis (Kalisperati et al. 2017).

1.5 Molecular markers associated with DSBs

Double- strand DNA breaks (DSBs) are generally lethal to the cell, and as already
noted, if not repaired prior to mitosis, will lead to genomic instability and tumorigenesis
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that can be lethal to the organism. As a result, a complex and robust DNA Damage Repair
(DDR) system to prevent unrepaired DNA from replication and completion of mitosis has
been highly conserved. Detection of the phosphorylated state of those molecules within
the DDR system that are responsible for detection of DSBs and prevention of mitosis prior
to DNA repair can be utilized to infer the presence of DSBs {Jackson and Bartek 2009). The
primary pathway engaged in the detection and response to DSB includes ATM, H2AX,

CHk2, and p53 (Cao et al. 2006; Kang ] et al. 2005).

To be effective in protecting the genome from instability, response to the
detection of DSBs must be extremely rapid and the requirement to prevent a single
mitosis of the broken DNA, absolute. This is because once broken DNA is allowed to be
transmitted through mitosis and the mutated daughter cells may no longer contain intact
DDR mechanisms to correct the original and subsequent DNA defect. Consequently, there

may no longer be any regulatory control to block genomic instability.

To insure rapidity of response to DSBs, ATM, a serine/threonine protein kinase,
self-phosphorylates upon detection of a DSB. A complex of three proteins MRE11, RAD50,
and NBS1, (known as the MRN complex) recruits ATM to the DSB (Paull and Deshpande

2014).

As a component of its rapid response to the detection of a DSB, p-ATM in turn
phosphorylates CHk2 on the priming site T68 and on other residues in the SQ/TQ cluster

domain (Zannini et al. 2014). Activated CHk2 then phosphorylates phosphatase CDC25A
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causing its degradation. As a result of this degradation, CDC25A can no longer

dephosphorylate CDK1-cyclin B resulting in immediate cell cycle arrest.

Interaction of ATM with NBS1 phosphorylates the histone H2AX on serine 139
forming yH2AX (i.e. p-H2AX). The exact role of yH2AX in DSB repair is under investigation
but it appears that the phosphorylation results in the DNA which would otherwise be
tightly wrapped around this histone to become less condensed facilitating its interaction
with proteins necessary for repair of the DSB. While there is evidence that low levels of
vH2AX may be associated with physiological processes unrelated to DSBs (Ryback et al.
2016), high levels of yH2AX can be detected as soon as 20 seconds after ionizing radiation.
Maximum levels are recorded within one minute with chromatin, including yH2AX then

extending to about a million base pairs on either side of the DSB (Rogakou et al. 1998).

If the DSB cannot be repaired during this rapid response phase, phosphorylation
of Chk2 also results in the phosphorylation of p53 resulting in both its stabilization and
activation. Activated p53 in turn results in transcription of several p53 target genes

including CDK inhibitor p21 which leads to long term cell cycle arrest and/or apoptosis.

1.6 Use of mutated p53 as a molecular marker of dysplasia and carcinoma

The preeminent role of p53 in preventing the mitotic replication of cells with
damaged DNA, and the consequent strong association of p53 mutation with oncogenesis

is well known (Williams et al. 2016).
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The level of wild type p53 is normally maintained at a low level in the cell by
ubiquitin targeting and subsequent degradation (Brooks and Gu 2011). At this low
physiological level, p53 is not typically detectible on IHC. Upon phosphorylation of
upstream components of the DDR pathway in response to DSBs, particularly Chk2, wild
type p53 is phosphorylated both activating and stabilizing the molecule. This stabilization
of wild type p53 associated with its phosphorylation typically results in qualitative IHC

pathology reports of a “low level of p53” or “moderately elevated level of p53”.

As a quaternary protein, p53 is highly subject to dominant negative mutation.
Consequences of p53 mutation include loss of its cell cycle control function and
insensitivity to ubiquitin targeting for subsequent degradation (Rivlin et al. 2011). Since it
is not being degraded, mutated p53 builds up in the cell to high levels that are easily
detectible on IHC. Thus, the qualitative report of the clinical pathologist examining a
histologic section of a tumor as “strongly positive for p53” is in most cases actually

reflecting the detection of an accumulation of mutated p53.

In standard clinical pathology practice, the assessment of IHC is based on visually
appreciating the number of stained cells and the intensity of the stain microscopically,
indicating the relative number of molecules with the specific antigen that is being tested
for. This qualitative assessment is subject to considerable inter-observer and intra-
observer variability and considerable overlap in the reporting of low, moderate and high

levels of p53 positivity.
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While frank carcinoma is usually associated with an unmistakable, very highly
positive p53 result on IHC, this is not often the case with the intermediate level of
mutated p53, associated with both inflammatory and precancerous dysplasia. Visual
subjectivity and lack of repeatability is particularly an issue in the differentiation between
the low level of IHC positivity associated with the phosphorylation of wild type p53, and

the higher level of p53 associated with mutated p53 in precancerous dysplasia.

In this study examining the potential role of DSBs in the development of carcinoma
and the detection of precancerous dysplasia, computer based quantitative measurement
of the level of p53 is used to differentiate between the detection of the phosphorylation
of wild type p53 associated with its normal response to DSB, and the detection of mutated
p53 associated with precancerous dysplasia and consequent failure to provide the normal

cell cycle control response to DSBs.
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CHAPTER Il

MATERIALS AND METHODS

2.1 Computer-Assisted Transepithelial Brush Biopsy
2.1.1 Application to the oral cavity

Computer-assisted transepithelial oral brush cytology (OralCDx), is an in-office,
noninvasive, painless, test that is performed by dentists and physicians to ensure that
routine appearing white or red tissue changes (leukoplakia and erythroplakia) in a
patient’s mouth are not precancerous or cancerous. Its clinical role is thus to confirm the
benign nature of those lesions that clinically appear to be benign, and more importantly,
identifies precancerous and cancerous lesions when they are not suspected of being

harmful.

The test consists of a transepithelial brush (Figure 3) that in contrast to a standard
cytology instrument, which samples only the superficial epithelial layer and the
surrounding mucous, the OralCDx brush obtains a complete tissue sample from the full
thickness of the epithelium through the basement membrane under the oral lesion being

tested.
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Specimens obtained by this novel sampling technique are subjected to three-

dimensional computer-assisted laboratory analysis as described below.

The high sensitivity of this method has been established in well desighed, double

blind studies (Sciubba et al. 1991; Mehrotra et al. 2011; Scheifele et al. 2004).

For example, in one of the largest studies in oral medicine ever conducted,
performed at 35 academic centers in the U.S. and involving nearly 1,000 patients (Sciubba
et al. 1991), OralCDx was demonstrated to have a sensitivity of greater than 96% and a

specificity of greater 90%.

As shown in that study, nearly 5% of clinically benign-appearing lesions, which
academic experts in oral medicine determined did not require a biopsy, were sampled by
OralCDx, found to be dysplastic or cancerous, and then independently confirmed by a
subsequent scalpel biopsy taken during the same examination to represent dysplasia or
invasive cancer. Subsequent studies by Mehrotra et al. (2011) and Scheifele et al. (2004)
confirmed the high sensitivity of OralCDx as demonstrated by Sciubba et al. (1991). In fact,
in every published study in which oral lesions were subjected to both OralCDx and scalpel
biopsy concomitantly, OralCDx was found to have a sensitivity of greater than 90% in
identifying dysplasia and carcinoma. The method has been found to be particularly useful
for the evaluation of minimally suspicious lesions that normally would otherwise not be
subjected to scalpel biopsy, making it an effective test to evaluate the entire spectrum of
lesions detected during an office-based oral cancer screening examination (Mehrotra et

al. 2011).

37



Early assessment of oral and oropharyngeal abnormalities using this method,
which include white, red, and mixed red and white lesions, has been shown to lead to
prompt identification of dysplastic and early oral cancer, with better survival rates. In a
study utilizing OralCDx to identify 102 patients with oral cancers that were predominantly
asymptomatic, subtle, innocuous-appearing and difficult to diagnose, the 5-year survival
of those patients was 94%, a figure significantly greater than reported in the literature for
early stage oral cancers(Sciubba and Larian 2018). In this study, the results of the OralCDx
test altered the health care provider's clinical evaluation and treatment of these 102
patients and ultimately had a significant impact on patient outcome. Professional delay,
one of the major barriers to achieving early stage diagnhosis of oral cancer, can potentially

be overcome thereby decreasing morbidity and mortality associated with this disease.

Despite its high sensitivity, the transepithelial oral brush biopsy would benefit
from improvements to its specificity and positive predictive value. The vast majority
(>97%) of benign appearing oral lesions are in fact not dysplastic and are caused by
inflammation. Thus, the limitation on the specificity of cytology caused by the
morphologic similarity in appearance between inflammatory and dysplastic atypia noted

herein limits the applicability of this method.

2.1.2 Application to the esophagus

WATS3P (for Wide Area Transepithelial Sample with computer-assisted three-
dimensional analysis of the resultant thick cytological specimen) is an adjunct to the
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S3P was designed

random four-quadrant forceps biopsy protocol (Seattle protocol). WAT
to overcome the two most significant limitations of the Seattle protocol: 1) sampling error
which results in failure to identify patients with dysplasia and early stage cancers and 2)

poor pathological agreement in the interpretation of specimens which results in patients

receiving improper diagnhoses and treatment.

The WATS3P procedure begins with the use of a transepithelial brush during
endoscopy (Figure 4), which is designed to obtain a Wide Area Transepithelial Sample of
the BE segment, including parts of the esophagus that would normally have remained
unsampled with small random forceps biopsies. The WATS brush samples a large
circumferential mucosal area of the esophagus and is also designed to sample the entre
500 micron thick glandular epithelium comprising the Barrett’s segment, specifically
obtaining cells from the deep layers of the epithelium (deep crypts) where dysplasia

S3P specimens are typically quite abundant with tissue and when

develops initially. WAT.
deposited on the slide consists mainly of tissue fragments that are much thicker (typically
up to 150 -200 microns thick) than conventional soft brush cytology specimens, the latter
of which consist mostly of single cells and small clusters of cells (less than 10 microns
thick), from only the superficial layers of the esophageal epithelium. WATS3P tissue

fragments consist of compact sheets of cells, large cohesive clusters of cells, and even

entire crypts that have unique three-dimensionality to the tissue.
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community-based practices underwent WATS?P adjunctively to targeted FB and random
4-quadrant FB. In that study, the authors reported that WATSP increased the overall
detection of BE by 83% (95% Cl: 74% - 93%) and low grade dysplasia (LGD) by 88.5%

(Cl: 48% - 160%).

Finally, in the largest study to date using WATS3P to diagnose BE, dysplasia and
cancer, 58 endoscopists at 21 sites enrolled 12,899 patients undergoing screening and
surveillance, and confirmed that WATS®P markedly improved the detection of dysplasia
by 242% (95% Cl: 191%-315%) and BE by 153% (95% Cl: 144-162%) (Smith et al. 2018).
All of these studies clearly demonstrate that sampling error (which is common with
random 4-quadrant forceps biopsies utilized in the Seattle protocol) can be greatly
reduced with WATS?P with the potential to overcome the inherent limitations associated

with current standard screening and surveillance techniques.

However, as with transepithelial sampling of the oral cavity, the incidence of
inflammation of the esophagus dwarfs that of dysplasia and this the morphologic
resemblance between inflammatory and dysplastic atypia continues to limit specificity

and positive predictive value.

2.2 Immunohistochemistry (IHC) - Qualitative

Histopathologic diagnosis is primarily based on the architecture of a thin sliced

tissue section following its preparation with a standard hematoxylin and eosin stain. Since
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the mid 1990’s cytopathology, the more detailed study of individual cells and/or cell
clusters compensates for its lack of architectural information by supplementing cellular

morphology with molecular testing.

Supplemental molecular information is generally obtained by any one of IHC, flow

cytometry or FISH.

IHC is usually the first choice for routine testing of solid tissue biopsies and
cytology. This is due to its ease of implementation, low cost, and most importantly the
fact that the cellular morphology is generally preserve through IHC process, allowing for
molecular and morphologic correlation on an individual cell. marker for the secondary

antibody can be observed.

The major disadvantage of IHC compared to the other two techniques is that its

interpretation is highly qualitative.

At the clinician’s office, a portion of the transepithelial cytological specimen was
deposited in formalin and shipped to the laboratory. At the laboratory, this specimen was
centrifuged into a pellet “cell block” which was then embedded in paraffin so that it could
be cut with the microtome into 3-4 micron sections. Each of these tissue sections or “cuts”

was then stained with the respective IHC stain.

Immunohistochemical staining was performed on these FFPE sections using the
Leica Bond max system (Leica Biosystems Newcastle Ltd, UK). Sections were dewaxed and

pretreated with epitope-retrieval solution (ER, Leica Biosystems Newcastle Ltd, UK)
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followed by 30 minutes of incubation with the primary antibody. The Leica Refine HRP kit
(Leica Biosystems Newcastle Ltd, UK) was used for detection and counter-stained with

Hematoxylin.

Evidence for the marker attached to the secondary antibody (DAB-HRP) was then
manually searched for using a standard laboratory microscope, with both the intensity of
the stain and the number of cells stained informally combined into an overall qualitative

assessment (usually scored as 1-4) made by the pathologist using a manual microscope.

While this standard highly qualitative IHC method can detect major differences in
IHC stain reaction it cannot reliably detect the subtler differences that would provide
evidence of an inflammatory vs a dysplastic level of an IHC stain. The qualitative IHC
response pattern for inflammatory and dysplastic atypia for the molecular markers that
are the focus of this quantitative investigation is shown in Figure 5 which also illustrates
gualitative similarity in appearance of the IHC response to both inflammatory and

dysplastic atypia.
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2.3 Computer-assisted quantitative analysis of IHC levels on transepithelial

brush biopsy specimens

Quantitative analysis of IHC levels was developed for this study in order to
overcome the limitations illustrated in Figure 4 of subjective qualitative analysis to the

detection of detect subtle differences in stain response.

To accomplish this technological goal several limitations of standard algorithmic

computer image processing had to be overcome.

Because the source of the specimen in this study was cytologic (individual cells
and cell clusters removed from the sampling and centrifuged into a “cell block”) and not
histologic (intact tissue architecture), the resulting tissue cut is complex and partially

three dimensional with numerous touching and overlapping cells.

Quantitative analysis of the IHC levels in these specimens requires: 1)
differentiating non-epithelial artifacts, which may happen to stain, from actual epithelial
cells, which properly evidence true antigenic response; and 2) differentiating individual
cell nuclei and cytoplasmic boundaries from partially overlapping cells. If that latter is not
properly done, then a low level of IHC stain intensity in two partially overlapping cells will

falsely mimic a high level of stain intensity.

Standard computer image analysis is only performed algorithmically. That is, a
computer program executes the measurement of predefined parameters to categorize

the object. Thus an image processing system used to sort objects based on size or shape
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would take predefined measurements of the object to achieve its predetermined sorting
goal. This algorithmic sorting process generally requires that the objects being measured
be separated in space. This is because once even two objects are allowed to touch or
overlap, there are an infinite variety of ways that they can appear, and determination of
size and shape requires knowing where one object ends, in our case, an IHC stained

nucleus or cytoplasm, and the other begins.

Since an algorithm cannot be written to account for every possible variation, non-

algorithmic computing is required.

The author was one of the first researchers to apply a combination of algorithmic
and a non-algorithmic processing method known as an “artificial neural networks” to
address the challenges of image processing of complex, three dimensional, cytological

specimens.

Neural networks have been transforming artificial intelligence in biological
systems and are well described by van Gerven and Bohte (2018). Briefly, instead of being
programmed in advance with preset classification parameters, a neural network learns to
perform a classification task by example. Mimicking the biological brain, hence the name,
neural networks consist of electronic nodes which sum a signal received from numerous

inputs generated by other electronic nodes.

These nodes are organized in a minimum of three layers. The input to the first
layer is the digitized input from the environment (in our case a digitized image) and the
output from the last layer is a score representing the classification. If the sum of the input
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sighals, each of which is multiplied by a “synaptic weight” is above a threshold, then the

node “fires” and transmits its signal to other nodes.

An example of neural network training for cytology can be demonstrated from the

classification between normal and dysplastic cells.

The cytological diagnosis of dysplasia is primarily morphologic and supported by
molecular evidence. Among the key morphologic indicators of dysplasia are the increased
nuclear to cytoplasmic ratio and the darker staining of the nuclear chromatin than in a

normal cell.

Both of these morphologic appearances however, can be mimicked by two normal
epithelial cells that partially overlap each other or by a normal cell being partially
overlapped by a non- epithelial cell (RBC or inflammatory cell). Both of these artifactual
“pseudo-dysplasias” outhumber actual dysplasia, as even in high grade dysplasia, the
number of normal cells in the cytological specimen vastly outnumber the dysplastic cells.
A typical ratio for a conventionally prepared abnormal cervical Pap smear is

approximately 20 dysplastic cells scattered among 100,000 normal cells.

During training of the neural network, the input layer of the system is serially
presented with the digitized images of a large set (in our case, over 1,000) of known
paradigmatic normal and abnormal cells with numerous variations due to overlapping
material. This is known as the neural network training set. Simultaneous with the

presentation of each paradigm cell image to the input layer of the network, a desired
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output score is presented to the output layer. This is typically .001 for a non-epithelial or

IHC “negative” cell, and 0.999 for an epithelial or IHC “positive” cell.

At the initialization state (prior to training), the synaptic weights on all of the
inputs to each of the summation nodes (“neurons”) are small and random. That is, if a
dysplastic image is presented to the input layer, the final score from the output layer will

be random.

During network training, an error correction function to each of the synaptic
multiplication weights of each of the summation nodes is “backpropagated” from the
now known desired output, such that the next presentation of the same paradigmatic
image will result in a score that is closer to the optimum .001 or .999 that the trainer

knows corresponds to the input image.

After a number of iterations (usually about 200), the network demonstrates
accurate classification of the training set, i.e. the digitized image of a dysplastic cell from
the training set that is presented to the input layer will result in a high output score, and
the digitized image of a normal cell will result in a relatively lower one. The outputs do
not need to be 0.999 for a positive cell and 0.001 for a negative; just that the scores for
the two sets being classified are sufficiently separated so that the desired classification

accuracy with sufficient statistical significance is achieved.

At this point, training is stopped and the synaptic interconnection weights are
fixed. In subsequent non-training (“feed forward”) use, the network will be presented
with new images that will result in output scores that reflect its prior classification
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training. An illustration of the architecture of a multilayer neural network is shown in

Figure 6.

In general, two uses can now be made of the output scores from feed-forward
non-training use of the classification network. One is relative and does not contain a

threshold, and the other is absolute and does contain a threshold.

To determine the presence of an absolute discriminant if an abnormal event is
present on the specimen (i.e. does the patient have dysplasia or cancer?) a relative
approach is typically used. Thus, high resolution images of a preset number of cells
(typically 50-200) with the highest-ranking neural network output scores (i.e. the most
abnormal appearing 50-200 cells selected by the network from the over 100,000 cells in

the specimen) are presented to a trained cytologist or pathologist for review.
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Unlike the sorting of the “most suspicious cells” used for the detection of
dysplasia, for our application of quantifying the level of IHC, the inquiry is inherently
relative, i.e. the question that is asked is if the IHC response on specimen A higher or
lower than that of specimen B? As a result, an absolute numerical threshold approach can

be used.

A threshold neural network output score is selected to represent a positive
indication of antigenic presence of a true cell to the particular IHC stain, and the number

of such positive cells provides the desired result.

The inherent accuracy of this neural network based quantitative IHC scoring
system is demonstrated by positive sighals (requisite stain intensity), which reflect
antigenic response of true individual cells and not artifactual positivity that results from

overlapping, relatively negative, normal cells and other material.

2.3.1 Detailed Description of the Quantitative IHC System Used in this Study

The primary classification step includes performing morphological filtering on an
image of an IHC specimen to detect objects that have certain morphological features
consistent with individual cells, such as a generally round shape or a certain size. The
secondary classification step then further classifies these objects using an

implementation of a neural network.

The primary classifier first performs an erosion of the image. This erosion
operation successively peels off layers of pixels from each object in the image so that all
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of the objects, which are smaller in size than the smallest known pathological cell nucleus,
are removed from the image. The remaining objects are then dilated, i.e., regrown, by
successively adding back layers of pixels to these objects, but they are not dilated to the
point where they are touching each other. The basic operations of erosion and dilation

are well described in the image processing literature (Serra).

The algorithmic component of the overall image processing system performs a
primary classification of the image which finds the centroids of nuclei to be analyzed.
Using a smaller sub-image centered around these centroids, the adaptive component of
the overall image processing system performs a secondary classification which assigns
each centroid a value indicative of the possibility that the object having that centroid is a
cell of the type for which classification is being performed. Simultaneously, the centroids
are also ranked based on the value assighed through the secondary, non-algorithmic

(neural network) classification.

Secondary cell classification is performed by the neural network computer. The
neural network utilizes the parallel structure of a two or three-layer backpropagation
neural network emulated with pipelined serial processing techniques executed on one of

a host of commercially available neural network computer accelerator boards.

The area of the slide found on a low magnification (50X) scan that possibly
contains the biological matter on the specimen is segmented into a plurality of rows and

columns, for example, 20 rows and 50 columns of equal sized blocks. Each block occupies
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an area of the slide, for example, approximately 2000 micronsx1600 microns, and

corresponds to an individual image to be viewed at one time by the microscope.

Each block is subdivided into sixteen equally sized analysis fields. Each field is thus,
approximately 500 microns by 400 microns in size. Once digitized by the image processor,
each analysis field will be represented by a 256 by 242 matrix or array of pixels which
corresponds to a resolution of approximately two microns per pixel during a low
resolution scan or high resolution scan, or a 512 by 484 array of pixels corresponding to a

ohe micron per pixel resolution during a high resolution rescan.

Each pixel then represents the brightness or gray scale density of a discrete area
of the analysis field image. The gray scale density of each pixel is further represented by
an 8 bit digital value. Consequently, each pixel will represent an area of the analysis field

image 62 by a gray scale level ranging from zero to 255.

The computer performs a low resolution scan on each analysis field of the
microscope slide to determine if that field contains biological matter, and a high
resolution scan on each of the analysis fields having biological matter to detect objects
contained therein which are likely to be epithelial (i.e. neither debris, inflammatory cells,

or red blood cells.)

During the low-resolution scan, the objective of the microscope is set at its 50X
magnification power and the microscope begins scanning the individual blocks of the
slide. For each block, the microscope also automatically determines the approximate
focal plane for that area of the slide. This is necessary since the cover slip covering the
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specimen can be somewhat wavy or possibly angled, due to air bubbles contained under

the cover slip; the resultant focal plane may thus vary from block to block.

Once the focus is determined for the block being viewed, the camera captures the
image of the block and sends that image to the image processor through the digitizer. The
image processor then subdivides the block into analysis fields and determines whether
there are areas of interest in each analysis field corresponding to objects which may be
biological material. If a field contains material which may be biological, the block is
identified along with its approximate focal plane and stored in memory for future analysis

during the high resolution, 2 micron/pixel scan.

Initially, a scan path is determined which will allow the microscope to view each
block possibly containing biological matter with the least amount of movement of the
slide. For the high-resolution scan, the 10X objective is inserted into the viewing path of

the automated microscope and the scan is begun at the first block in the scan path.

The camera first acquires a stack of z-images which are sent to the image
processor to synthesize the composite in-focus EDF image, as described below. The image
processor then performs the primary classification of the objects in each analysis field as
discussed more fully below. This primary classification finds the centroids of nuclei in each
field that have the correct size and gray scale density characteristics of an epithelial cell.

(Figure 7)

When an object in an analysis field has been identified as having the size and gray
scale density characteristics of an epithelial cell, a 24x24 array of pixels surrounding the
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object centroid, called a net image, is transferred to the secondary neural network
classifier for further classification and IHC stain intensity scoring. A net image is
approximately 48x48 microns in size at a resolution of 2 microns per pixel. As an epithelial
cell nucleus tends to range between 10 and 40 microns in diameter, the net image is

sufficiently large to contain a complete image of a cell.

The primary algorithmic classifier performs a morphological "well" or “bottom-
hat” algorithm which filters out objects that are the size of an epithelial cell or smaller. (A
"well" algorithm is the inverse of a morphological "top hat" algorithm.) The resulting
image, containing only objects which are too large to be a cancerous cell nucleus, is then
subtracted from the original image containing all of the objects. Consequently, what are

left are objects of the correct size or smaller.

A separate image is then prepared from the original image, which contains only
those objects which are too small to be epithelial cells, but likely represent inflammatory
or red blood cells. When this latter image, containing only objects which are too small to
be epithelial cells, is then subtracted from the image having objects of the size of an
epithelial cell or smaller, the resultant image will thus contain only images being of the

size of an epithelial cell.

The centroids of the objects in this image are then determined and the images
centered around those centroids are sent to the secondary neural network classifier for

further classification.
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series of gray scale “dilation” operations followed by a series of gray scale “erosion”

operations.

Gray scale “dilation” is a mathematical morphology term used in image processing
to denote an operation wherein a pixel is replaced by the maximum value of its

neighboring pixels and itself.

Erosion is a similar term wherein the center pixel is replaced by the minimum

value of its neighboring pixels and itself.

Gray scale dilation is performed first using a square neighborhood consisting of
the eight horizontal, vertical and diagonal neighbor pixels. This is followed by a second
dilation with a diamond neighborhood consisting of the four horizontal and vertical

neighbor pixels only.

For the erosion operations, a gray scale erosion operation is first performed using

a diamond neighborhood, followed by an erosion using a square neighborhood.

The combination of operations using these masks morphologically approximates
an octagon, which is digitally analogous to the morphology of an epithelial cell or cell

nucleus which tends to be generally round.

The manner in which this morphological closing filters small objects out of the
image is graphically represented in Figure 8. The figure illustrates two objects; the object
on the right is a large dark nucleus and the objects on the left are smaller, less dark

inflammatory cells and debris. The horizontal line represents a row of pixels passing
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through the objects. The gray scale values for this row of pixels are superimposed. The
large dark nucleus forms a wide and deep gray scale rectangle due to its relatively large

size and darkness. Inflammatory cells and debris, relatively smaller and less dark, form a

narrower, shallower trough.
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As dilation operations are performed, these gray scale troughs are gradually filled.
After one such dilation operation (step {c}), the large dark nucleus may now be
represented by the relatively wide depression while the inflammation/debris may be
represented by the narrow trough. Subsequent dilation operations will continue to fill in
these depressions. Consequently, a relatively small object will be completely filled in
while larger, darker objects, such as malignant nuclei, will remain as somewhat narrower

depressions.

When the image is then subjected to a series of erosion operations, the narrow
depressions which are the gray scale representations of large, dark objects will be
expanded to approximately their original size and shape, whereas the completely filled in
gray scale representations of small objects will not be eroded. The morphological closing
will thus yield an image in which objects significantly smaller than malignant or

premalignant nuclei are filtered out.

This dilated eroded frame image is then subtracted from the frame image which
has been Gaussian filtered but not dilated and eroded (step {b}, Figure 8). The resultant
image thus consists only of objects which generally smaller than the size of an epithelial

hucleus.

A threshold operation is then performed on this image with pixels having a gray
scale value above a certain threshold being assignhed a binary “1°, and those pixels have
gray scale values below that threshold being assigned a binary zero. The threshold is

chosen to filter out objects which are not dark enough to be cell nuclei. A binary 3x3
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erosion is then performed on the image to remove the outer pixel boundary of the
remaining objects, thus making the objects narrower by one pixel in all directions. This
binary erosion is accomplished by performing a Boolean AND on the center pixel and the

eight neighboring pixels.

The frame image now contains objects of the appropriate gray scale density that
are smaller than epithelial cells of interest. These smaller objects typically represent white
and red blood cells and debris. Consequently, these objects must be removed from the
frame image. Since the frame image is now in a binary format, a binary mask is needed to
mask off the smaller objects. Accordingly, the mask would have binary "1''s in all locations
of the frame image pixel array except for those locations occupied by a small image,
where there would be zeros. Consequently, by Boolean ANDing the binary frame image
with the binary mask the small objects are removed and predominantly what is left are

objects of the appropriate gray scale density and size for an epithelial cancer cell nucleus.

This mask is obtained by taking the untreated frame image stored earlier and
treating the image with a Sobel operator to find areas within the image having relatively
large arithmetic gradients. Areas of high detail in the image, or areas having relatively
small objects, will have large gradients. The Sobel operator, which is essentially a high-
pass image filter, will pass those areas having large gradients and reject the areas of large
objects which have smaller gradients. By choosing the correct filter parameters, the edges
of objects are found. The image is then thresholded to convert the gray scale image into

a binary image. A 3x3 binary dilation is then performed on the image to slightly expand
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or thicken the edges in the image. The binary dilation operation is performed as a Boolean

"OR’ operation.

The dilation operation is then repeated using only the adjacent pixels. After this
edge thickening operation, objects smaller than a certain diameter will have become solid
"blobs" and objects larger than this diameter will remain open in the center. This function
could also be performed with a gray-scale morphological well or top hat filter as described

above with its parameters set to find smaller objects.

A number of the outermost rows and columns of pixels, for example, eight,
forming a border around the frame are then removed, as they contain artifacts and other
irrelevant information introduced by the operations performed above. The complement
of the resultant image is then taken by a Boolean "NOT" operation. Consequently, the
binary image will consist of binary "1"'s in all locations except in the slightly enlarged areas
encompassing objects too small to be epithelial cells. This complemented image thus
forms the binary mask used to subtract the small objects from the earlier developed
frame image. When Boolean ANDed with the frame image having objects of the

appropriate size and smaller, the small objects are eliminated.

Once the small objects have been removed and the frame image contains
predominantly objects having a gray scale density and size compatible with the gray scale
density and size of an epithelial cell nucleus an operation is performed to suppress

isolated white pixels in the frame image. These isolated white pixels (binary 1) constitute
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noise introduced during any of the previous operations and are not of a sufficient size to

be a cell nucleus.

Once these isolated pixels have been suppressed, a "shrinking" operation is
performed four times). "Shrinking" is a Boolean operation commonly used in image
processing. The shrinking operation successively removes layers of pixels around the
object in the image frame until, for an object of the appropriate size, only one pixel or no
pixels remain. In the case where the object is completely removed, the last pixel removed
is replaced with a binary 1. Since the outer layers of pixels of the objects were successively
removed progressing inwardly, the remaining or replaced pixel will represent the
approximate center or centroid of the object. Any objects remaining in the image which
are larger than one pixel are removed, as they correspond to something which is larger

than an epithelial cell nucleus would be.

A 24x24 array of pixels surrounding each centroid, (the “net image”, identified by
the primary classification function of the image processor is then transferred to the
general processor for storage. A secondary classification of the objects represented by

these net images is then performed.

2.3.2 Secondary Non-Algorithmic Classification

The algorithmic processor described above individually transfers each net image

to the neural network for secondary classification. The task of the secondary classification
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is to distinguish true epithelial cells from other objects of the same size which may pass
the primary algorithmic classifier, such as cell clumps, debris, clumps of leukocytes and

mucus.

Based on training performed with a training set of 500 true and false epithelial cell
images, as described more fully above, the neural network assigns each net image with a
value, called a net value, ranging from 0.001 to 0.999, as determined by the likelihood
that the object is an epithelial cell. This score in then multiplied by the integrated optical
density (IOD) score of the IHC stain intensity in that net image. Integrated Optical Density
is a summation of the total of the grey sale values of each pixel in the image. Thus, a
smaller cell that is strongly responsive to the IHC stain and a larger cell which is less heavily

stained can both represent the same total amount of antigenic response.

Consistency of neural network results is enabled by the fact that each net image
presented to the secondary classifier is pre-centered through the algorithmic primary

classification on the centroid of the epithelial cell nucleus, as described above.

In many previous attempts to utilize neural networks and other high-level
template matching pattern classifiers for image recognition, difficulty has been
encountered in consistently presenting the neural network classifier with the centroid of

the image requiring classification.

To use an example from another application domain, back propagation neural

networks are excellent at reading handwritten zip code digits but have difficulty in finding
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where the zip code is on the envelope. This system for cytological IHC scoring overcomes

this difficulty through its robust algorithmic classification.

Proper generalization during actual classification operation is enabled by the fact
that the secondary adaptive classifier is presented with precisely the same type of neural
network images on which it was trained. The images processed by the system are also
centered on the centroid of the suspect nucleus by the primary classifier in a manner

identical to that used to prepare the training set images.

As noted above the secondary neural network classifier was trained to associate
a known non-epithelial image with an output of 0.001 and a known epithelial image with
an output of 0.999. Such outputs represent the degree of certainty that an image is an

epithelial cell not.

When the secondary classifier is presented with new, unknown images, it
generalizes from its training and attaches a net value to the image. The closer that the
secondary classifier is able to categorize the unknown image into the non-epithelial cell

category, the closer is its net value equal to .001.

Conversely, the more closely that the unknown image appears to resemble the
true epithelial cell images of its training set, the closer is the net value assigned to that

image equal to 0.999

On each tissue cut of a transepithelial brush biopsy prepared for IHC

approximately 50,000 individual cells may be present. Of those approximately 2,000 will
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consist of touching or overlapping normal cells that will produce an artifactual positive
IHC signal due to low levels of normal stain intensity combining and appearing as a single
positively stained cell. On a truly positive specimen there may be 100 individual positively
staining cells. The task of the overall system is to: 1) differentiate between these potential
100 truly positive cells and the 2,000 false positive sighals caused by cellular overlap or
other artifacts and then 2) produce a neural net output score that is a composite of the
neural network score of an algorithmically selected centroid image as most closely
resembling an epithelial cell, and the Integrated Optical Density of the IHC intensity of

that centroid.

In this example the image processing system operates by having the digitized
images of all 50,000 cells on the specimen examined by an algorithmic classifier prior to

employment of the neural network.

The function of the algorithmic classifier is to identify the potentially abnormal
images which will require subsequent analysis by the neural network. Use of the
algorithmic classifier accomplishes two goals. It sharply reduces the number of objects
which will need to be examined by the neural network (in this example 48,000 of the
50,000 objects on the specimen will not require neural network analysis) and it also finds
the centroids of each object sent to the neural network which sharply decreases
subsequent processing variability {i.e. all images sent to the neural network for scoring

are pre-centered).

69



Integrated Optical Density (IOD) is a particularly useful measure in IHC stain
intensity determination as it automatically integrates stain intensity (the grey scale score

of each pixel) and the size of the area that is demonstrating an antigenic reaction.

The final neural network score is thus a sum of the 10D score and the

morphological finding that the stained image is a true epithelial cell.

2.4 Computer synthesis of the enface view of glandular tissue as an independent
measure of dysplastic atypia on transepithelial cytological specimens from

Barrett’s Esophagus

To verify the accuracy of our proposed method for differentiating between
dysplastic and inflammatory atypia, an independent “gold standard” for the presence of
dysplasia is required. For the presence of dysplasia in Barrett’s esophagus, this
independent gold standard is provided by a computer synthesized enface view of the

suspect dysplastic gland.

Barrett’s esophagus, an acquired condition that occurs as a result of chronic,
recurrent acid-induced damage to the internal lining of the esophagus and first described

in the 1950’s, is technically referred to as intestinal metaplasia.

The normal esophagus is lined with a squamous epithelium. It is believed that in
response to chronic acid reflux, the epithelial stem cells in the basal layer of the

esophageal epithelium differentiate into a columnar epithelium that resembles the
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normal epithelium of the small intestine (Spechler and Souza 2014). While not dysplastic
in itself (i.e. it is not believed that the metaplastic epithelium contains genetic mutations),
this area of intestine abnormally located in the esophagus is a neoplasm and is over
twenty times more likely to become cancerous than normal squamous epithelium

(Shaheen and Ransohoff 2002).

As a patch of intestine, the Barrett’s epithelium contains the adaptations which
have evolved to optimize absorption of nutrients. Only in very modern times has obesity
and weight loss become a public health concern worldwide however, for much of the
world today, the current challenge is still to obtain enough nutrients from each meal so

that we could survive until the next.

Optimization of nutrients occurs on three levels. First, the small intestine is over
20 feet long providing a great deal of surface area through which food passes to extract

glucose and other nutrients.

Secondly, the surface of the twenty-foot-long intestinal epithelium is organized as
individual villi, vastly multiplying the surface area for absorption. Thirdly, the columnar
cells that line each of these villi and actually perform the transfer of nutrients from the
intestinal lumen into the blood vessels that lie in the center of each of the villi are packed

as tightly as possible.

The most efficient way to pack any cylindrical object is as a honeycomb. It is for

this reason that non-dysplastic absorptive glandular epithelium is organized as a
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honeycomb when viewed from perspective of the surface of the gland, i.e. the enface

view.

One of the earliest morphologic indications of dysplasia is effacement of this
typical honeycomb pattern. This is because development of carcinoma is characterized
by de-differentiation, i.e. the constituent cells begin a process of acting independently

and no longer appear as if they are a component of their originating tissue.

When a forceps biopsy specimen is obtained of any tissue, including a forceps
biopsy specimen of intestinal metaplasia, it is universally embedded in paraffin and is then
sliced by the microtome into 3-4 micron sections. This is done because the depth of field

of a standard manual microscope is limited to 3-4 microns.

Slicing of the gland almost always destroys the enface view as is illustrated in
Figure 9. In order to preserve the enface view of the gland, a three dimensional
microscopy system can be utilized which allows examination of tissue specimens up to
150 microns in thickness. The Extended Depth of Field (EDF) system detailed below
system operates by taking up to 50, 3-micron views of the tissue along the z axis.
Somewhat similar to a CAT scan, each of these two-dimensional images is then integrated
together to provide a three-dimensional image of the tissue which preserves the enface

view of the gland.
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2.4.1 Extended Depth of Field Microscopy

High-resolution microscopy suffers from limited depth of field, which
prevents thick or uneven specimen preparations from being imaged entirely in
focus. Objects that appear outside the narrow depth of field or focal plane become

quickly blurred and out of focus (Figure 10).
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Moreover, this limited depth of field becomes worse as the magnification
increases because it is directly dependent on the numerical aperture of the microscope

objective, which increases with the magnification.

Thick tissues that are thicker than the depth of field of a microscope objective
introduces a third dimension to a biopsy sample, in effect, making the specimen or
portions thereof, three-dimensional in space. As a consequence of the three-dimensional
character of a specimen, the cellular material is located at various focal planes, which
thereby requires constant focusing and refocusing to observe cells at various contours of

the sample.

Specifically, when obtaining a transepithelial non-lacerational brush biopsy of a
tissue, a cytology brush is used, which is sufficiently stiff so that it penetrates all of the
layers of epithelium. In the process of obtaining a full thickness tissue specimen, tissue
fragments, in addition to single cells and cell clusters, are obtained and transferred onto
a microscope slide. These specimens are markedly different from the cell monolayers
prepared for the analysis of exfoliative cytological specimens, whereby only a superficial

sweep of a tissue is conducted, and no tissue fragments are obtained.

The transepithelial cytology specimen, containing single cells, cell clusters and
tissue fragments, is essentially a hybrid between a cytological smear and histological
sections. The ability to view tissue fragments, in addition to single cells, confers a decisive
informational advantage for pathologists to distinguish inflammatory atypia from

dysplastic atypia.
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Diagnosis of dysplasia is typically based on a combination of tissue and cellular
morphology. As in all epithelial tissues, the morphologic impression of the degree of
dysplasia (Mild Grade Dysplasia, Moderate Dysplasia, Severe Dysplasia, and Carcinoma in
Situ/Cancer in the squamous epithelium and Low-Grade Dysplasia (LGD), High Grade
Dysplasia (HGD), and Carcinoma in Situ/Cancer in the glandular epithelium) is assumed to
be associated with an increasing number of functional genetic errors. In the abnormal
glandular tissue of the esophagus (Barrett’s esophagus), LGD has been found to be
typically associated with 3-5 functional genetic errors, HGD with 5-7 errors and
CIS/Cancer with 8 or more functional genetic errors. (Personal communication from

Matthew D. Stachler, Harvard Medical School, of data currently in preparation)
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The diagnosis of HGD is based upon the degree of morphologic cytologic atypia
alone. Architectural change is not required. By contrast, the diagnosis of LGD is
challenging because the lower degree of morphologic atypia associated with LGD can
appear identical to morphologic atypia that occurs in the presence of inflammation.
(Figure 12). As such, a heuristic is used. If the cellular atypia extends from the bottom of
the crypt to the top of the gland (lack of surface maturation), then the diagnhosis of Low
Grade Dysplasia is used; however, if it does not, “Indefinite for Dysplasia” will be

diagnosed.

As noted above, if the three dimensional view of the intact gland is preserved by
EDF microscopy, then the enface view is also preserved and this provides a definitive
discriminant between inflammatory and dysplastic atypia, i.e. dysplastic effacement of
the normal “honeycomb” pattern of the gland is not caused by inflammation and is thus,

an early and reliable sign of true dysplasia.

With EDF processing, an automated microscope captures a set of 2D images taken
at different focal planes at the same location on a slide and then combines these images
to form a single 3D composite image. A single high-resolution image cannot be in-focus
everywhere. With EDF processing, an automated microscope captures a set of images
taken at regular z-intervals at the same location and then recovers from each slice those
pixels that are in focus to build a single composite image from the in-focus pixels. Once
the in-focus pixels of each image are fused into one image, the resultant image is

essentially in-focus everywhere.
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Standard EDF algorithms, which are ideal for creating a composite image of the
top surface of a three-dimensional opaque object (Figure 14) do not work well for
biological specimens, which present an additional complexity of having multiple semi-

transparent objects or cells stacked on each other.
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The failure of standard EDF to properly process semi-transparent biological images
results from the fact that in composing a composite image, standard EDF algorithms
blindly extract the sharpest pixels from each focal plane, raising the possibility that a
composite cell image contains pixels originating from multiple cells that happened to be
situated on top of each other in the z axis. In that instance, a composite image may appear
to represent a single cell, when in fact there were several cells stacked on top of each
other, each of which could be observed by a microscope due to their semi-transparent
character. When attempting to construct a composite 3D image of a semi-transparent
biological sample for diagnostic purposes, it is critical to have all the pixels come from a

single object or cell to avoid pixel contamination.

In order for an EDF algorithm to be properly applied to thick, semi-transparent
biological specimens, it must take into account which pixels belong to which object and
preserve most of the pixels of that cell or object, even though they may not necessarily

be sharp (Figure 15).
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In summary, the semi-transparent quality of biological specimens presents a
problem with applying standard EDF algorithms to thick cellular specimens. These
standard EDF algorithms were designed to create a composite image of the outside
surface of an opaque three-dimensional object. By contrast, with biological specimens,
the area of interest is not limited to the outside surface, but rather there are areas of

interest below the outside surface of a specimen.

Due to light absorption within a tissue, structures on the surface have a tendency
to have a higher contrast or sharpness than structures inside a transparent tissue.
Because tissue is comprised of a mass of cells, a pathologist needs to see the cells and
nuclei that are situated below the outside surface, which comprise the thickness of the
tissue. Additionally, due to the disaggregated nature of the cellular samples obtained by
a transepithelial brush cytology instrument, a slide prepared in connection with such a
specimen will inevitably contain cells that overlap and overlay each other. Consequently,
an examining pathologist or specialized computer would want to build a constraint into
the EDF algorithm such that pixels of objects can come from one object or cell only and
not from neighboring objects that are situated either on top or beneath the cell being
imaged. For the purpose of this document, this requirement is referred to as “PCO” or
Pixel Constrained to an Object". Furthermore, there are objects of no diagnostic
significance, such as cell walls or artifacts that should be deemphasized or eliminated
from a composite image. To meet the PCO requirement, a morphological closing is
applied. A closing is a dilation followed by erosion, to close any small holes in the nuclei

and goblet cells, in effect assuring that pixels come from the same object.
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A stack of successive images was acquired using the microscope. The focal
distance between two slices is equal to half of the depth of field for the microscope

objective used to meet the Nyquist criteria of optimum sampling.

An erosion algorithm was used to strip away a layer or layers of pixels from both

the inside and the outside surfaces of an image.

The software then optimizes the number of z-slices processed, adapting the
number of slices to the depth of the sample. During motion of the z-stage, the software
detects when all pixels of the image are out-of-focus, or have past the slice of maximum
sharpness. In this case, it is not necessary to take any more z-slices, thereby speeding up

the processing.

Once all the areas of interest on a slide have been processed by the system, it is
configured to stitch together the stored composite images in order to build a three-

dimensional digital image of the entire specimen- or of areas of interest from it.

After assembling the various composite slices, the resulting digital image of the
specimen is in-focus substantially everywhere and comprises only diagnostically
important cellular features. Most importantly, the enface view of the glandular surface, a
perspective that is normally destroyed by standard microtome sectioning, is maintained,
allowing for an architectural diagnosis of dysplasia when the normal honeycomb pattern

is disrupted.
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An example of a dysplastic and non-dysplastic gland on the same tissue sample is
shown on the computer synthesized image in Figure 16. As demonstrated in the image,
the normal honeycomb pattern characteristic of the enface view of the surface of Non-
Dysplastic Barrett’s Esophagus (NDBE) has been effaced in the dysplastic gland directly

above it.
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2.5 Correlation of forceps biopsy histologic results as an independent measure

of dysplastic atypia on transepithelial oral cytology specimens

Transepithelial brush biopsy specimens of squamous epithelium do not display the
characteristic honeycomb appearance found in the enface view of non-dysplastic
glandular tissue. Verification of the accuracy of our proposed method for differentiating
between dysplastic and inflammatory atypia in the oral cavity therefore requires a

different “gold standard” to verify the presence of dysplasia.

Unlike in Barrett’s esophagus, where areas of dysplasia usually do not have any
clinically visible or identifiable features, epithelial dysplasia in the oral cavity is
characterized by an obvious white or red area of tissue change that is visible under careful
examination with a standard white examination light and are known as leukoplakia or

erythroplakia respectively.

As a result, the findings of oral transepithelial cytology, specifically, our method of
differentiating dysplastic from inflammatory change, can be verified by the findings of a
forceps biopsy that was simultaneously taken from the same oral lesion. This is because
differentiation of inflammatory from dysplastic cellular atypia on the resultant
histological specimen is straightforward, as the architectural changes associated with
dysplasia and preserved on the histological specimen are not found in simple

inflammation. (Speight)
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CHAPTER 11l

RESULTS

3.1 Chronic Inflammation is associated with Double Strand DNA Breaks (DSBs)

3.1.1 Oral cavity (Squamous)

3.1.1.1 Correlation between a morphologic report of “chronic
inflammation” and activation of molecules associated with the

detection of and response to DSBs in oral squamous tissue

An unbiased, retrospective chronological data base search of clinical laboratory
archives was conducted for transepithelial oral brush cytology of clinically apparent
leukoplakias and erythroplakias which were reported as either “Inflammation” or
“Negative”. Cases reported as “Chronic Inflammation” that did not have a corroborating
histology report taken from a simultaneous forceps biopsy of the lesion were excluded.
Cases which were reported as having any degree of “dysplasia” on either the oral brush

cytology or the contemporaneous scalpel biopsy histology were also excluded. Reports
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of “Chronic Inflammation” were based on the presence of the characteristic

inflammatory cells.

From this data base search, 20 cases reported as” Chronic Inflammation” based
oh morphologic criteria and 20 matching control cases reported as “Negative” by the

same morphologic criteria were identified.

A cut of the archived cell block from all 40 cases was taken and subjected to IHC

for the presence of phosphorylated ATM, phosphorylated CHk2, and H2AX.

All IHC stained specimens were then subjected to neural network based computer
assisted morphometric analysis as described in 2.2 above which resulted in a "neural
network score" for each stain for each specimen. The average of the neural net scores for
each group of specimens organized as positive and negative for Inflammation are shown

in Figure 17.
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3.1.1.2 Differentiation between inflammatory and dysplastic atypia in oral

squamous tissue

Another unbiased, retrospective chronological data base search of laboratory
archives was conducted for oral brush biopsies of clinically apparent leucoplakias and
erythroplakias which were reported as “Chronic Inflammation” on transepithelial brush
cytology and that also had a histology report taken from a simultaneous scalpel biopsy of

the lesion.

From this data base search, 20 cases reported as” Chronic Inflammation” on the
transepithelial cytology and also reported a “Negative for Dysplasia” on the
contemporaneous scalpel biopsy histology report, and 20 cases reported as “Chronic
Inflammation” on the transepithelial cytology and “Positive for Dysplasia” (any degree)

on the matching scalpel biopsy histology report were identified.

A cut of the archived cell block from all cases was taken and subjected to IHC for

the presence of phosphorylated ATM, phosphorylated Chk2, H2AX, and p53.

All IHC stained specimens were then subjected to the neural network-based
computer assisted analysis as described above in 2.2, which resulted in a “neural network
score” for both p-Chk2 and p53. The average neural network score for p-Chk2 as
compared to the average neural network score for p53, is shown in Figure 18.
Inflammatory and dysplastic atypia consistently showed a differential in the ratio

between the neural network scoring for p-Chk2 and p53 (p < 0.5).
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3.1.2 Barrett’s Esophagus (Glandular)

3.1.2.1 Correlation between a morphologic report of “chronic inflammation” and
activation of molecules associated with the detection of and response to

DSBs in the glandular tissue comprising Barrett’s esophagus

An unbiased search of clinical laboratory archives was conducted for
transepithelial esophageal cytology brushings of segments of Barrett’s esophagus which
were reported as either “Barrett’s esophagus with chronic Inflammation” or “Barrett’s
esophagus with no report of inflammation. Cases that were reported as having any
degree of “dysplasia” on either the transepithelial brush cytology or on a
contemporaneous forceps biopsy histology report were excluded. Reports of “Chronic

Inflammation” were based on the presence of the characteristic inflammatory cells.

From this data base search, the most recent 25 cases reported as” Barrett’s
Esophagus with Chronic Inflammation” and the most recent 25 control cases reported as

“Barrett’s esophagus with no report of Inflammation” were identified.

A cut of the archived cell block from all 40 cases was taken and subjected to IHC

for the presence of phosphorylated ATM, phosphorylated CHk2, and p-H2AX.

All IHC stained specimens were then subjected to neural network based computer
assisted morphometric analysis as described above in 2.2, which resulted in a “neural

network score” for each stain for each specimen. These average neural net scores for the
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40 specimens organized as positive and negative for Inflammation are shown in Figure

19.
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As can be seen, activation of the molecules responsible for response to a DNA
double strand break is correlated with a morphologically based report of chronic

inflammation (p <0.001).

3.1.2.2 Differentiation between inflammatory and dysplastic atypia in Barrett’s

esophagus

An unbiased, retrospective search of clinical laboratory archives was conducted
for transepithelial cytology brushings of Barrett’s esophagus which were reported as
“Chronic Inflammation” on transepithelial brush cytology and that also had adequate 3D
capture of the enface view of the gland so that the presence or absence of dysplasia could

be reported.

From this data base search, 20 cases reported as” Chronic Inflammation” on the
transepithelial cytology and also reported as “Negative for Dysplasia” based on the 3D
enface view of the gland, and an equal number of cases reported as “Chronic
Inflammation” and Positive for Dysplasia” based on the 3D enface view of the gland were

identified.

Cuts of the archived cell block from all 40 cases were made and subjected to IHC
for the presence of p-CHk2, and p53. These IHC stained specimens were then subjected
to neural network based computer scoring as described above in 2.2, which resulted in a

“neural network score” for both stains for each specimen. Inflammatory and dysplastic
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atypia consistently showed a differential in the ratio between the neural network scoring

for p-Chk2 and p53 (p < 0.5). (Figure 20)
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3.2. Statistical Analysis

Correlation between a laboratory report of chronic inflammation based on
morphology, and the phosphorylation of molecules involved in the detection and repair
of DSB’s was statistically significant with a p<.001 for both squamous (Figure 17) and
glandular (Figure 19) epithelia. The average mean neural network score for all three
molecules was 0.89 with a standard deviation of 0.12 for the inflammatory squamous
tissue vs. an average mean neural network score of 0.15 and a standard deviation of 0.07
for the non-inflammatory squamous tissue controls. For the glandular epithelia the
average mean neural network score for all three molecules was 0.86 with a standard
deviation of 0.10 for the inflammatory tissue vs. an average mean neural network score
of 0.17 and a standard deviation of 0.07 for the non-inflammatory squamous tissue

controls

The difference between the ratio of the neural network scores for p53 and p-Chk2
in dysplastic squamous inflammatory epithelium vs. non-dysplastic sguamous
inflammatory epithelium (Figure 18) was statistically significant (p<.05) with mean ratios
of 0.68 for inflammatory atypia and 0.84 for dysplastic atypia with standard deviations of

0.2 for both means.

The difference between the ratio of the neural network scores for p53 and p-Chk2
in dysplastic glandular inflammatory epithelium vs. non-dysplastic glandular

inflammatory epithelium (Figure 20) was statistically significant (p<.05) with mean ratios
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of 0.65 for inflammatory atypia and 0.95 for dysplastic atypia and with standard

deviations of 0.18 for both means.

Statistical software used Wolfram Mathematica v. 12.0
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CHAPTER IV

DISCUSSION

4.1 Overview

The relationship between the presence of chronic inflammation and a propensity
to carcinoma has been noted observationally in the epithelia of numerous body sites, and

several causal mechanisms for this relationship have been suggested.

Regardless of the causation however, their correlation alone has limited the
potential applicability of what has been demonstrated to be the single most effective
intervention to prevent carcinoma- the cytological identification and treatment of

precancerous dysplasia.

Inflammation is a far more common occurrence then the accumulation of mitotic
errors required for the appearance of morphologically recognized dysplasia. The fact that
the morphological appearance of inflammatory atypia can precisely mimic the
morphological appearance of the cellular atypia caused by low grade dysplasia has limited

the effectiveness of cytological screening in almost all body sites in which it has been
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attempted. Methods to reliably differentiate between inflammatory and dysplastic
cellular atypia have been the focus of molecular and morphologic research without

significant success to date.

Due to the almost infinite number of point mutations and gene rearrangements
that can lead to precancerous change and cancer, all current diagnoses of dysplasia and
cancer are primarily made by their morphologic features. For cytopathology, however,
since the mid 1990’s morphologic diagnosis is routinely supplemented by molecular
testing. This molecular testing is typically implemented through either IHC, flow

cytometry, or FISH.

Immunohistochemistry has been demonstrated to be a practical, cost effective
method to detect the presence of the activation of molecular pathways responsible for
normal cellular differentiation, apoptosis, and the failure to maintain normal
differentiation that we refer to as cancer. An advantage of IHC is that unlike flow
cytometry, FISH, and genomic or proteomic sequencing, it generally maintains the
morphologic appearance of the cell and thus, lends itself to a practical adjunctive
diagnostic role. A disadvantage however is that until this study the analysis of IHC was

entirely qualitative.

While the actual antigenic response to an IHC antibody is inherently a precise one,
the effectiveness of IHC as a test is potentially limited by the non-quantitative nature of
its analysis and reporting. Clinical reporting of IHC typically involves a 1-4 subjective

impression made by the pathologist of the number and intensity of stained cells.
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The potential of precise measurement of IHC levels to add to both our
understanding of molecular mechanisms and to the usefulness of clinical reporting of IHC
is unknown. In theory, a precise measurement of antigenic response over a large number
of cells normalized by the total number of cells in the specimen would result in these two
benefits. However, the unavoidable limitations imposed by subjective judgment, human
perception and frankly, the fatigue and tedium required to evaluate the stain reaction on
hundreds of thousands of epithelial cells and differentiating them from staining artifacts

on a slide, have prevented the quantitative potential of IHC from being realized.

This study addressed these limitations of IHC by incorporating quantitative
measurement of the total antigenic response on non-artifactual objects. Both the
algorithmic and non-algorithmic i.e. “artificial intelligence” image processing and
guantification methods employed herein are computationally intensive and were not
available until large computer memory capacity and very high processing speeds were

recently made available.

This study utilized these recent advances in computer image processing to allow
guantification of IHC levels previously not achieved. This quantification in turn allowed us
to demonstrate that in two widely varying epithelia, the squamous tissue lining the oral
cavity and the glandular tissue comprising Barrett’s metaplasia, chronic inflammation is
consistently associated with the phosphorylation of molecules responsible for the

detection of, and response to, the formation of DNA double strand breaks (DSBs).
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This same computer image processing technology also allowed for a precise
comparison of the quantification of the molecular markers associated with DSB formation
and the presence of p53 resulting in reliable differentiation between inflammatory and
dysplastic atypia. Detection of precancerous dysplasia for subsequent treatment or
surgical removal has been demonstrated to be the most effective intervention yet

developed to prevent cancer.

4.2 Future Directions

The cervical Papanicolaou smear, the excision of abnormally appearing skin moles,
and routine screening colonoscopy are the three examples of how programs to screen
the population for the presence of precancerous dysplasia can help prevent the
development of deadly cancers. One of the reasons why these programs are successful
is due to the fact that confounding inflammatory atypia is not a significant obstacle in
these particular body sites. The pathologic diaghoses of dysplasia for the uterine cervix,
skin, and colon, are therefore typically determined morphologically, and IHC or other

molecular tests are not generally required.

However, extending this cancer prevention model to other body sites such as the
oral cavity, throat, lung, esophagus, and stomach, where inflammatory cellular atypia that
morphologically mimics true dysplasia is an extremely common phenomenon, will likely

require more than a morphologic solution. Our data indicate that neural network based
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computer image processing of IHC detected activation of molecules involved in DNA

damage detection and repair pathways may provide that solution.

Population screening is, by definition, performed on large populations of patients
with either no symptoms, or common, usually harmless-appearing signs or symptoms of

disease. As such, controlling the cost of screening is an important factor.

One advantage of IHC over other molecular tests is its relatively low cost and low
technological threshold in the laboratory. Low cost is particularly important for
implementation in South Asia, where in many countries including India, oral cancer is one
of the most frequent causes of cancer death. Our study showed that neural network
based quantification of IHC levels of pChk2 and p53 can be utilized to distinguish between
inflammatory and dysplastic change. While IHC staining for p53 IHC is commonly used
and therefore inexpensive, IHC staining for pCHk2 is not. It can be expected that neural
network based quantification of the IHC levels of the other two molecular markers of
Double Strand Breaks found in our study to be associated with inflammation i.e. ATM and
H2AX can also be compared to neural network based quantification of p53 to distinguish

inflammatory from dysplastic atypia.

Future research will test the conclusions of this study on these two additional
markers of Double Strand DNA breaks with the goal of selecting the most reproducible
and most economically implemented of them to correlate with neural network

guantification of the level of p53.
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4.3 Conclusions

Utilizing a combination of algorithmic and artificial intelligence-based computer
image analysis of IHC levels, we find that phosphorylation of molecular markers
associated with DSBs is consistently and strongly correlated with non-dysplastic
inflammatory atypia in both squamous (oral cavity) and glandular (Barrett’s metaplasia)
epithelia. Using these same image analysis methods, we further show that quantitative
immunohistochemistry of the ratio of the level of pChk2 and p53 can reliably distinguish

between inflammatory and dysplastic cellular atypia.
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